Mask2Lesion: Mask-Constrained Adversarial Skin Lesion Image Synthesis
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Question: Can we generate realistic skin lesion images of desired shapes?

Motivation: Pixel level annotations for medical image segmentation are limited, and GANs
have been used to generate realistic images of natural objects from sketches.
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Lesion Segmentation Results

Quantitative results for segmentation (Mean =+ standard error)
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£ 3 Summary of contributions:
A O e First work to generate realistic skin lesion images from

binary masks.

e Synthesized lesions confined to the masks, regardless of
their complexity.

e (Generated images used to augment segmentation data,
leading to improved skin lesion segmentation performance
with lower false positives (1) and false negatives (L1).
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